Using Context to
Guide Search

A When searching for an object in a
scene, we rely on meaningful relations
between objects, or theglobal contex
of that scene Biederman, 1972,
Biederman, et al., 1982). For example,
when searching for a bicycle, we scour
the street rather than the tops of A
buildings or the sky.
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A Learning this global context comes
with experience. In visual search,
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Conclusions and Future Directions

A

Within the Fixed condition, faster search times on Predictive trials may
Indicate a combination of categoricaiind spatial contextual cueing.

Faster search times on Predictive trials in the Random condition indicate
categoricalcueing, although objectspecific cueing cannot be ruled out.

In order to rule out this objectspecific cueing, a followup experiment was
conducted in which specific distractors that comprised the targepredictive
category were changed from trialto-trial. Results were equivocal, like
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Future experiments will include increased search difficulty, and also a larger
number of trials, in order to provide the optimal conditions for implicit
learning of distractor categories.



